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Humans & LLMs can disinform… 

Most research has focused on major disinformation threats like 

deepfakes and other forms of fabricated multimodal content… 



What statements (if any) 
are true? 

https://forms.cloud.microsoft/e/VPh
KhieGQ8?origin=lprLink 

https://forms.cloud.microsoft/e/VPhKhieGQ8?origin=lprLink
https://forms.cloud.microsoft/e/VPhKhieGQ8?origin=lprLink


and also misinform…  

Unlike disinformation, misinformation is not entirely fabricated but is 

misleading information 



Challenges 
for fact-

checking 

Proliferation of news within 
and across digital media from 
journalists, citizens and AI 

Automatic fact-checking 
captures disinformation, rather 
than misinformation

How many truth barometers? 

Audiences’ cognitive biases



Media 

distortions 

interventions 

De-bunking: retroactively correct false 
beliefs

Pre-bunking:  preemptively show tactics or 
sources before they strike: 

 fact-based: correcting a specific false 
claim or narrative

 logic-based: explaining tactics used to 
manipulate

 source-based: pointing out bad sources 
of information

Inoculation Theory: ‘just as vaccines 
generate antibodies to resist future 
viruses, inoculation messages equip 
people with counterarguments that 
potentially convey resistance to future 
misinformation, even if the misinformation 
is congruent with pre-existing attitudes’ 
(Cook, Lewandowsky & Ecker, 2017) 

https://fakey.osome.iu.edu/ 

https://www.cam.ac.uk/stories/goviral 

https://fakey.osome.iu.edu/
https://www.cam.ac.uk/stories/goviral


Being alone together: 

Developing Fake News Immunity’
https://fakenewsimmunity.liverpool.ac.uk/ 

https://fakenewsimmunity.liverpool.ac.uk/


RESEARCH pipeline 

Data Collection 

(1500 fact-checked 

articles) 

Data annotation 

and evaluation 

Analysis of the 

results 

Selection of most 

popular cases 

Chatbots 

Development

Chatbots 

Evaluation



What are the most common fallacies?

https://fakenewsimmunity.liverpool.

ac.uk/wp-content/uploads/2021/03/Fake-News-

Immunity-Liverpool-Uni-project.pdf

https://fakenewsimmunity.liverpool.ac.uk/wp-content/uploads/2021/03/Fake-News-Immunity-Liverpool-Uni-project.pdf
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Synthetic podcasting through NotebookLM is: 

 Neglecting information crucial to 
understanding methodological 
underpinnings and/or key takeaways

Fallacy of cherry picking

 Spreading false or fabricated information 

Made-up recommendations 

 Trivialising language patterns:  Low lexical 
density (20%-30% type-token ratio), 
Americanisms, “DEAD METAPHORS” 
(Traugott 1985) 

Fallacy of vagueness 

Musi, Elena, Rebecca Harris, and Simeon Yates. "The fallacy of AI-generated podcasts: the case of 

Google NotebookLM." Discourse, Context & Media 73 (2026): 101049.



Our chatbots 

The Fake News Immunity Chatbot The Vaccinating News chatbot 

https://fni.arg.tech/ https://tinyurl.com/3xczy4z9 

https://fni.arg.tech/
https://tinyurl.com/3xczy4z9


• 94% of the users who have gave 
us feedback are able to explain the 
fallacies they encountered and 
think they will be able to recognize 
them in the future

• 150 Amazon mechanical Turkers 
self-reported perceptions showed 
increased critical thinking skills

•  A qualitative study with 20 
participants revealed enhanced 
participants’ ability to identify 
fallacious arguments

1700 users across 10 countries 
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Musi, E., Carmi, E., Reed, C., Yates, S., & O’halloran, K. (2023). Developing misinformation 
immunity: How to reason-check fallacious news in a human–computer interaction 

environment. Social Media+ Society, 9(1), 20563051221150407.



Leveraging argument technology 

for impartial fact-checking

(LATIF)



1. What does impartiality mean for fact-checking? What’s the role played by 

cognitive biases?

2. What cognitive biases affect fact-checkers in the selection of news to fact-

check and in the verification process and why?

3. How can structured techniques be adapted to help debias fact checking?

4. How to develop a digital tool to help fact-checkers minimize cognitive 

biases?

5. How can we measure the impact of the de-bias fact-checking tool?

Research questions



RQ2 - What cognitive biases affect fact-checkers in the 

selection of news to fact-check and in the verification 

process?

1. ANALYSIS OF SCIENTIFIC LITERATURE

• Bias and Information Seeking and Retrieval (Azzopardi, 2021)

• Bias and Journalism (3407 abstracts) through Scopus API

-> -> -> 11 Relevant Cognitive biases

2. FOCUS GROUP WITH JOURNALISTS AND FACT-CHECKERS

•  Fact-checking simulation + Discussion





Simulation: results

NEWS

SELECTION

EVIDENCE 

RETRIEVAL

FACT-

CHECKING 

REPORT

Ambiguity effect - - -

Anchoring bias 1 participant - -

Availability bias 7 participants - 1 participant

Bandwagon effect - - -

Confirmation bias - 1 participant -

Framing - - -

Less-is-more - - -

Reinforcement effect - - 1 participant

Selection bias - - 1 participant

Source bias - 1 participant -

N = 12

Professional 

activity:

Journalists = 3

Fact-checkers = 9

Organization based

in:

France

Italy

Spain

Portugal

UK



Questionnaire: results

N = 40 

Professional activity:

Journalist = 33

Fact-checker = 3

Both = 4

Organization based in:

• Austria

• Hungary

• Italy

• Romania

• Slovenia

• Spain



 We developed a digital tool based on the Analysis of 
Competing Hypotheses (ACH) used by the Intelligence 
Community to reduce cognitive biases in information analysis 
and decision-making

 The Impartial Fact-checker tool supports four key tasks: 
source gathering, information structuring, evidence evaluation, 
and report writing

 Co-designed and tested with 11 journalists and fact-checkers 
across three development stages, assessing usability and 
functionality

 



https://tinyurl.com/39ubxhvz 

https://tinyurl.com/39ubxhvz


Key take-aways 

• Misinformation, spread by both humans and AI, takes the form 

of a number of fallacies

• Prebunking, through the recognition of fallacies, can help 

prevent the spread of misinformation

• Cognitive biases, especially confirmation, anchoring, source, 

and availability biases, frequently influence how information is 

verified and evaluated

• Critical thinking through argumentation can help individuals 

recognise and mitigate cognitive biases when processing 

information



Let’s argue with GAI about 
the 

Thanks! 



Understanding and 

responding to misinformation

Associate Professor

Florian Stoeckel



Can social media users help 

counter misinformation?

1. Corrective comments can help readers identify false information. 

They can make a difference to people reading along.

2. Corrections can also mislead. When accurate information is wrongly 

challenged, readers may become less likely to believe it.

3. Users can contribute, but responsibility is shared. What should 

governments and platforms do to support users and address the wider 

problem?



Should users have to fix 
misinformation?

Individual approaches Structural approaches

•Media literacy

•Corrections from other users

•Platform rules and incentives

•Public policy and regulation

Users can contribute. 

Platforms and governments must also act.



The literature on interventions

• There are many tested individual-
level interventions:

• Accuracy prompts
• Inoculation and “fake news games”
• Media literacy tips
• Source credibility labels
• Warning and fact-checking labels

• Our focus: corrections in comments



Do social corrections work?

Social media post 

-

Respondents rate 
accuracy

Social media post 

with corrective 
comment

-

Respondents rate 
accuracy

Book: The Power of the Crowd (CUP, 2025)

• 6,621 participants in the UK, Germany and Italy

• 47 true and false stories (posts) that were shared online: a wide 
variety of topics (e.g., 5G, COVID-19, climate change)

• Participants saw randomly assigned versions of posts, with or 
without corrective comments.



Some false claims seem 
convincing to many people

FALSE CLAIM

A day’s private-jet emissions equal

a year’s emissions for Scotland

59%
rated this claim as accurate



Belief in false information 
varies widely across posts

Some false posts were 

considered accurate by relatively 

few respondents.

18–59%



Accurate information also 
faces doubt

Share rating the true 

posts we tested as 

accurate

39–85%



Who believes false 
information?

• Ideological alignment: people who see information that fits their worldview are more likely to believe it 
(whether it is true or not)

• People who score high on anti-expert attitudes are more likely to believe false information

 “I am more confident in my opinion than other people’s facts.”

• People who score high on cognitive reflection tests are better able to identify false information

• Education alone did not clearly predict whether people identified false information.

See also Flynn et al. (2017).



Corrections can help readers 
identify false information

• Audience: people reading along, not the original poster

• Small but consistent effects across countries

• Comments help people identify false information and reduce stated willingness to like or share a post

• We tested readers’ judgements, not whether comments overturn deeply held beliefs.

Real comments: 

 “You know this isn’t true.

 Or even remotely close to the truth.”

 “This is embarrassing.”

 “There is something deeply deeply fishy about this.”



Why do corrections work, and 
can we strengthen their 
effects?

• Potential mechanism: corrective comments work like warning signals 

• Readers may process both posts and comments only superficially.

1. More likes

2. More corrective comments

3. A link to a fact-checking website

No consistent additional effect in our experiments.

• Consulting fact-checkers can help us avoid posting inaccurate corrections.



Misleading corrections can 
also do harm

User comment: “Fearmongering”

A reply to an accurate post

False challenges also reduced

perceived accuracy

Effect persists even when a reputable source 

cue is shown



Correction or less visibility?

• Replying may increase exposure.

• We measured preferences.

• German population-based online survey, N = 3,792.

73% 27%

Correcting false information Fewer people seeing it



Who should play a big role in 
tackling misinformation?

Results from the same population-based online survey that we conducted 
in Germany, N = 3,798

48%

56%

63%

Governments

Users

Social media companies

Respondents rated each actor separately.



Conclusion & Questions

1. Some false claims are considered true by many readers, but the share 
varies widely across posts

2. Social corrections can help readers identify false information

3. Misleading corrections can do harm

4. People can improve the online information environment (Wikipedia!) 

5. Citizen involvement needs support from platforms and governments.

• Would you post a corrective comment? Why or why not?

• Do you read comments?

• How should responsibility be shared between users, governments 
and companies?



Q&A

Dr Elfia Bezou-Vrakatseli

Postdoctoral Researcher 
at Inria, Affiliate at 

King’s Institute for AI

Florian Stöckel

Associate Professor, 
University of Exeter

Flora Kopelou

European Data Portal,
Publications Office of the EU

Elena Musi

Reader (Associate 
Professor), University of 

Liverpool



Stay up-to-date on our 
2026 activities!

WEBINAR



Register for our upcoming webinar!



Continue the discussion after the 
webinar!



Your opinion is 
important to us



Thank you!
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